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Improving staff performance using data mining techniques
marzieh javadi; hamid reza javadi
ABSTRACT
With regard to the importance and necessity of management of employees and their satisfaction of
working conditions that have the direct impact on their efficiency and expansion and development work goals,

constant feedback received them may be one of the important factors in development of business to identify and
recognize dropping the motivations.

managers in the case for collecting information and individual questionnaire of job satisfaction in constant time,

and management of existing data, and by identifying specific cases, they can manage their work forces to the
best efficiency.

In this essay, with using data mining methods and WEKA, staff's dataset evaluate to choosing a way
with highest precision.

KEYWORDS
Data mining, staff management, predicting staff performance
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