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Utilizing Embedded Tools in Tableau Business Intelligence Software
for Data mining

Hoda Moradian

MSc in Software Engineering, ICT Department, Water and Wastewater Company, Esfahan, Iran

ABSTRACT

Data Mining is an attempt to extract knowledge from tremendous amount of available data. This process can
detect hidden patterns and relationships in databases using a set of statistical methods and modeling. So far,
different methods have been developed to process structured data, thus, facilitating the creation of databases and
data warehouses. In this paper, we intend to utilize R data mining software libraries in Tableau Business
Intelligence environment. As a result, at first, an introduction of data mining is offered and then, a brief description
of both Tableau and R is provided. After that, we offer an explanation about utilizing some conventional data
mining methods such as CART and Random Forest classifiers, and then we will become practically familiar with
how to use these algorithms in Tableau. Finally, the conclusion of this paper will be presented in the summary
section.
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Data mining, Classification, Tableau, R, CART Decision Tree, Random Forest.
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