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Introduction of an expert approach for predicting disease development, and detecting its
determinants based on empirical Bayes algorithms.
Case study: detection of bone density using several blood factors
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Abstract

For many years it was very hard to present an efficient and precise predictor model for phenomena
that occur due to variety of factors and at the same time have a few observations. In this case, the
statistical methods which are based on the abundance of observations are not applicable. Using the
empirical Bayes, Srivastava and Kubokawa (2007) have introduced the Crude function to solve this
problem as the most advanced solution in this field. They have demonstrated its prominence compared
to the other functions. In some diseases, it is impossible to conduct diagnostic tests, because of their
technical difficulties, expensiveness and unreliable results. Thus, it is important to study disease
influences on some parts of body such as bloduzsshivliiis easier to examine precisely. The prediction
of disease development and determination of its effects could be a big step in the way of finding
effective treatments. For this purpose it is necessary to calculate a large number of factors such as
biological, environmental and cellular factors although the numbers of observations have lots of
limitations. In this paper using the crude estimator, a predictive modeling for and the affecting factors
on disease is presented as well.

Keywords: Empirical Bayes, determinants, prediction, rare disease.
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