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! Data Mining
2, Customer Relationship management (CRM)
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3, Association
4. Classification
®. Clustering

6. Forecasting

ODD(DD

dataacademy.ir



WYWAY oloyge - lyud

i lie Olos & i s OS5 4 (sl 0313 B 8 0513 Cns (81 OT 31487 Ll ()T o ST o5 g S5 T Ogai Ty D
s oo oolitul Sl ol o3
S35 4 ool T3 6 SV 03,57 Jote 0T oo vt 0L3 s 53 &1 5 s (Kol ool 4 Joe ) 50 8 P j il 8
S st 03 Jb syl (il 8 5 Sl sl b Jlesl o 5 oS
Rl S 53 Gy ol s or S OIS 4 ety sl S i shite 4 s 0313 1 5 5 (81 1) 4 S5l 6 S50 Sy Y
s n 03limal (551 0315 (sl ST Lam g5 0k oy sl K1 31 (6 g <555 skt 4 (551 el (gl &SCST
dr Lo 4 el 35 5 oS 0503 o5 @ et 55 0 5) OT L a8 1 (ol s L 1 (5105 s 65 Jor 55 (55187 o315 Sl eslinul s
e st (51 (617 031 anlin SSCSG 0Ty a5 b 5 3,57 on 513 (6018 0315 Ll g 51 ESaldlS o alin (0T 0l oy s it S
2350 S5 s Sl 5 Lsd oslinal (6,8 wanal 53 LilS p S pl Bsd or o) (SIS 0315 Sl odeT s 4y 5 o ST S
Ol 03 5 en s e dly s ge a3 (65157 030> Sl ealizal LT iy 5 i 1) (5187 0305 Sl eslil gl b Culgh 5o ipd i (B gl
Sl 03 g5 yoiim OT L6 Ol s oy 00
L a3l s 0313 &7 55 g0 53 ol 3.9 g0 (b 0313 S 5 i &S5 o (51 3L 3550 (sl 0315 342 5 (651 03l 3 eslizal 3 Ko &S5

Sl 1y slzel BB ol S 015 ol S s

(6 50 b B G ko Y

C,aﬂb@d‘j})ﬂd}?\ﬁ\é” @’&fkﬁ‘)é w‘ﬂ:bd)‘v\ﬂ f"..’z.ae\;by L(S)‘“\-‘d}‘""‘)}f‘@b))‘)bJJ

IRV DRGSO | -V )l:}.ﬂ)u.!w&\l}l;.l;LJ)IL;)lffélfu.ulﬁ)lslww&eué b b5l o e Sl By S 5e 0357
bbbl Cu e gl iibes (e ool 5557 O e i 5 0L e b b1 528 e 0L 2t S 5 055 ol 0557 iy OT IS
b bl e il Sy goo oy S sl 0k 03557 [2] il osls w11 50 Wl s 251, 5 KM &7 o x5 boaty) s 0 Sl 0l 11 6 j2ie
S ol SIS 5 ol sla AT 3 Sl eslizal b Ol the b )l sly 5815 Sy pde jglite 4 (2 pde sl SIS pla 4 015 0 1 (6 0
b;d)\b‘a&)\:\jﬂdbww‘)bw

J.x,u,wfud)wduw,,w\fuuéu&&f,u)ugu Gl ) 5 Sleo g o 4 (5512l cpl 53 Col Sl
23 1 ol b ealimal 5 (2ls 03557 G 4 gl s gy opl 51l oo s Olejl 457 s (6 2t b bS5l S e szl 53 (6 2k Dol
..u;fuum‘;ﬂfr_.,.a;

[l],t@)uﬁfwtfgywpw|w,ﬁ,ld L,y e

ke olels
Vel Y
‘Y‘_SIZM,B.&? Y

A\ . . N =
G b Bl S

%

’. Regression

8 Sequence Discovery

°. Visualization

0 Customer Identification
1 Customer Attraction

12 Customer Retention
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13 Customer Development
4 Direct Marketing
15 One-to-One Marketing
18 Loyalty Programs
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No | Variable name Variable Description No | Variable name | Variable Description
1 MOSTYPE Customer Subtype 44 | PWAPART Contribution private third party insurance
2 MAANTHUI Number of houses 45 | PWABEDR Contribution third party insurance (firms)
3 MGEMOMV Avg size household 46 | PWAAND Contribution third party insurane (agriculture)
4 MGEMLEEF Avg age 47 | PPERSAUT Contribution car policies
5 MOSHOOFD Customer main type 48 | PBESAUT Contribution delivery van policies
6 MGODRK Roman catholic 49 | PMOTSCO Contribution motorcycle/scooter policies
7 MGODPR Protestant — — }- — - 50—| PYRAAUT ﬂ_antrp)utio orry policies
8 | MmGobov Other relifjionf | | ] (’"]EI\ (PAANHANG | || Golyfibutign trailer policies
9 MGODGE No religion 52 | PTRACTOR Contribution tractor policies
10 MRELGE Married 53 | PWERKT Contribution agricultural machines policies
11 MRELSA Living together 54 | PBROM Contribution moped policies
12 | MRELOV Other relation 55 | PLEVEN Contribution life insurances
13 MFALLEEN Singles 56 | PPERSONG Contribution private accident insurance policies
14 MFGEKIND Household without children 57 | PGEZONG Contribution family accidents insurance policies
15 MFWEKIND Household with children 58 | PWAOREG Contribution disability insurance policies
16 MOPLHOOG High level education 59 | PBRAND Contribution fire policies
17 MOPLMIDD Medium level education 60 | PZEILPL Contribution surfboard policies
18 MOPLLAAG Lower level education 61 | PPLEZIER Contribution boat policies
19 MBERHOOG High status 62 | PFIETS Contribution bicycle policies
20 MBERZELF Entrepreneur 63 | PINBOED Contribution property insurance policies
21 MBERBOER Farmer 64 | PBYSTAND Contribution social security insurance policies
22 MBERMIDD Middle management 65 | AWAPART Number of private third party insurance
23 MBERARBG Skilled labourers 66 | AWABEDR Number of third party insurance (firms)
24 MBERARBO Unskilled labourers 67 | AWALAND Number of third party insurane (agriculture
25 MSKA Social class A 68 | APERSAUT Number of car policies
26 MSKB1 Social class B1 69 | ABESAUT Number of delivery van policies
27 MSKB2 Social class B2 70 | AMOTSCO Number of motorcycle/scooter policies
28 MSKC Social class C 71 | AVRAAUT Number of lorry policies
29 MSKD Social class D 72 | AAANHANG Number of trailer policies
30 MHHUUR Rented house 73 | ATRACTOR Number of tractor policies
31 MHKOOP Home owners 74 | AWERKT Number of agricultural machines policies
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32 1 car
33 MAUT2 2 cars ALEVEN Number of I|fe msuran :
34 MAUTO No car 77 | APERSONG Number of private accident insurance policies
35 MZFONDS National Health Service 78 | AGEZONG Number of family accidents insurance policies
36 MZPART Private health insurance 79 | AWAOREG Number of disability insurance policies
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